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The Application of Large Language Models in the Medical Field
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Abstract: Through the statistics of patent data in the field of global medical big language model, analyze and sort out the development trend
and key points of technology. Retrieve the patent application documents related to the medical big language model in incoPat, make a macro
analysis from the number of applications from major applicant countries, the trend of domestic patent applications, the trend of patent applica-
tions from major innovation subjects and technology branches, and make a micro analysis of the patents of major innovation subjects at home
and abroad, so as to systematically reveal the trend and technical focus of patent applications. The analysis shows that the number of domestic
patents is far ahead, the number of patent applications is growing rapidly, and all major innovation entities are working together. Domestic pat-
ented technology focuses on medical question and answer, report interpretation and auxiliary diagnosis, while foreign patented technology fo-
cuses on information extraction, multimodal fusion and report generation. China has both opportunities and challenges in the field of medical
big language model. We should integrate scientific research resources, create core patents, attach importance to risk management and control ,
and promote the orderly development of medical big language model.
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Fig.1 The number of applications of major applicant coun-
tries
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Fig.2 Domestic patent application trend
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